The Impact of Income on the Weight of Elderly Americans by Simon, Kosali
HEALTH ECONOMICS
Health Econ. (2009)
Published online in Wiley InterScience (www.interscience.wiley.com). DOI: 10.1002/hec.1541
THE IMPACT OF INCOME ON THE WEIGHT
OF ELDERLY AMERICANS
JOHN CAWLEY
a,, JOHN MORAN
b and KOSALI SIMON
a
aDepartment of Policy Analysis and Management, Cornell University, Ithaca, NY, USA
bDepartment of Health Policy and Administration, Pennsylvania State University, University Park, PA, USA
SUMMARY
This paper estimates the impact of income on the body weight and clinical weight classiﬁcation of elderly Americans
using a natural experiment that led otherwise identical retirees to receive signiﬁcantly different Social Security
payments based on their year of birth. We estimate models of instrumental variables using data from the National
Health Interview Surveys and ﬁnd no signiﬁcant effect of income on weight. The conﬁdence intervals rule out even
moderate effects of income on weight and on the probability of being underweight or obese, especially for men. For
example, they indicate that the income elasticity of body mass index is not greater in absolute value than 0.06 for
men or 0.14 for women. Copyright r 2009 John Wiley & Sons, Ltd.
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1. INTRODUCTION
This paper estimates the causal impact of income on weight and clinical weight classiﬁcation (e.g.
underweight, overweight, and obese).
1 There are many government programs that provide income to
certain groups (e.g. Social Security for the elderly, Temporary Assistance for Needy Families for low-
income women with children), and it would be useful to know whether such programs have an
unintended effect on recipient weight. Any such effects could alter the magnitude of the negative
externalities due to obesity that operate through public and private health insurance (Bhattacharya and
Sood, 2007; Finkelstein et al., 2003). Moreover, knowing the effect of income on weight would provide
evidence on the accuracy of the World Health Organization’s claim that the recent increase in obesity
worldwide is partly due to rising incomes (W.H.O., 2003; Swinburn et al., 2002).
Income could either increase or decrease weight. Income could lead to weight gain if food and
sedentary pursuits are normal goods. However, good health and appearance could also be normal
goods, leading one to invest more time and money in slimness as income rises. There is some evidence
that stress contributes to obesity by increasing caloric intake (‘comfort foods’) and by decreasing
*Correspondence to: Department of Policy Analysis and Management, Cornell University, 124 MVR Hall, Ithaca, NY 14853,
USA. E-mail: JHC38@cornell.edu
1Weight classiﬁcations are based on body mass index (BMI), which is equal to weight in kilograms divided by height in meters
squared. Underweight is deﬁned as BMI less than or equal to 18.5, healthy weight is a BMI between 18.5 and 25, overweight is
deﬁned as a BMI of at least 25 but less than 30, and obese is deﬁned as a BMI of 30 or higher (NIH, 1998).
Copyright r 2009 John Wiley & Sons, Ltd.physical activity (De Vriendt et al., 2009); to the extent that additional income reduces stress, it may
result in lower weight.
Obesity among the elderly is a public health and public policy concern because it has consistently
been associated with increased risk of disability, limitations in activities of daily living, diabetes, other
chronic conditions, and lower quality of life (Lakdawalla et al., 2005b; Heiat et al., 2001; Elia, 2001;
Himes, 2000). From age 70 onward, Medicare spends 35% more on obese individuals than on healthy
weight individuals; this amounts to an additional $39000 in Medicare costs over a 70-year-old obese
person’s remaining 14.0 years of life (Lakdawalla et al., 2005b). Finkelstein et al. (2003) estimate that
between $51.5 and $78.5 billion (in 2002 dollars) of Medicare spending per year is attributable to
overweight and obesity. These costs are of great concern because elderly obesity has risen dramatically
in recent decades. Between 1960–1962 and 1999–2000, the prevalence of obesity rose from 8.4 to 35.8%
among American men aged 60–74, and rose from 26.2 to 39.6% among American women aged 60–74
(Flegal et al., 2002).
At the lower end of the weight classiﬁcation system, underweight status is associated with increased
risk of morbidity and mortality for the elderly (e.g. Corrada et al., 2006). This correlation motivates us
to also examine the impact of Social Security income on underweight status.
To our knowledge, only one published paper has estimated the causal impact of income on weight.
2
Schmeiser (2008) exploits variation across states in the generosity of the Earned Income Tax Credit
(EITC) to estimate the impact of EITC income on the BMI of relatively young (roughly 25–43 years old)
low-income Americans. In all models, Schmeiser is unable to reject the null hypothesis of no effect of
income on weight for men. His results for women indicate that an additional $1000 per year is
associated with a gain of between 0.14 and 0.31 BMI units or an average increase of between 0.84 and
1.80 pounds.
This paper and Schmeiser (2008) complement each other, as both estimate the impact of income on
weight for vulnerable populations; Schmeiser studies the low income and we study the elderly. Our
method involves exploiting a natural experiment in the United States known as the Social Security
Beneﬁts Notch, which generated large exogenous differences in income across otherwise identical
individuals. Our instrumental variables (IV) estimates yield little evidence that income affects weight or
the probability of being underweight or obese among elderly Americans; even moderate-sized effects
can be ruled out.
This paper also relates to a substantial recent literature that explores the economic determinants of
body weight and obesity; our focus on the effect of income on weight complements the previous
literature’s contributions regarding the impact on weight of falling food prices (Lakdawalla and
Philipson, 2002), increasing maternal employment (Anderson et al., 2003), technological change
(Lakdawalla et al., 2005a; Cutler et al., 2003; Lakdawalla and Philipson, 2002; Philipson and Posner,
1999), and reduced smoking (Gruber and Frakes, 2006; Chou et al., 2004).
In subsequent sections, we present our conceptual framework, discuss the natural experiment we
exploit (the Social Security Beneﬁts Notch), and describe our data (the National Health Interview
Surveys) and empirical methods, before turning to a discussion of the empirical results.
2. CONCEPTUAL FRAMEWORK
The conceptual framework for this paper is based on the economic models of body weight in Philipson
and Posner (1999), Lakdawalla and Philipson (2002), Cawley (2004b), and Lakdawalla et al. (2005a). In
these models, utility is a function of food consumption, the allocation of time to various pursuits, body
2In contrast, several papers have estimated the causal impact of weight on wages or earnings; e.g. Cawley (2004a), Morris (2006),
Lundborg et al. (2007), Brunello and D’Hombres (2007), Norton and Han (2008), and Greve (2008).
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health; they can be affected only through food consumption (caloric intake) and the allocation of time
(which determines caloric expenditure). Individuals are assumed to maximize their utility subject to
constraints on their time, budget, and biology.
The overall effect of income on weight depends on how income affects food consumption and the
allocation of time. Certain categories of food and certain activities may be normal while others may be
inferior. A food could have a negative income elasticity of demand (and therefore be inferior) because of
its qualities (a classic example is someone decreasing consumption of margarine and increasing
consumption of butter after an increase in income), or because health and slimness are normal goods so
as income rises people consume less energy-dense foods in order to lose weight (Philipson and Posner,
1999; Philipson, 2001). This reﬂects the fact that, to some extent, the demand for food and activities is
derived from the demand for health and appearance. Philipson and Posner (1999) hypothesize that in
developed countries additional income will result in weight loss because of an increased demand for
health (which in developed countries far more often entails losing rather than gaining weight) and slim
appearance. Ultimately, the impact of income on weight and obesity is an empirical question, and one
that we answer in this paper.
Philipson and Posner (1999) and Lakdawalla and Philipson (2002) hypothesize that income has
different effects on weight based on initial weight; speciﬁcally, that the underweight will gain weight and
the overweight and obese will lose weight. This implies that additional income will increase the
probability of being healthy weight and decrease the probability of being underweight or overweight.
We are unable to explicitly test this hypothesis because our data do not include initial weight (i.e. weight
prior to the receipt of additional income); the best that we can do is estimate the impact of income on
the probability of being healthy weight. If income raises weight among the underweight and reduces
weight among the overweight it should increase the probability of being healthy weight.
Lakdawalla and Philipson (2002) hypothesize that weight may be affected differently by earned
income than by unearned income (also see Lakdawalla et al., 2005a). Intuitively, unearned income has
a pure income effect, whereas earned income has both an income effect and an effect associated with
labor or effort. In this paper, we measure the effect of additional unearned income; an exogenous
increase in Social Security beneﬁts. The natural experiment that we use for identiﬁcation is detailed in
the next section.
3. NATURAL EXPERIMENT: THE SOCIAL SECURITY BENEFITS NOTCH
Prior to 1972, neither lifetime earnings (upon which Social Security beneﬁts are based) nor post-
retirement beneﬁt payments were indexed for inﬂation. Instead, Congress periodically adjusted beneﬁts.
In 1972, Congress amended the Social Security Act to provide automatic indexation of credited earnings
for workers who had not yet retired. The 1972 Amendments also created an unintentional windfall for
workers from certain birth cohorts because of an error that led the prior earnings of these workers to be
doubly indexed for inﬂation. The high rates of inﬂation that occurred shortly thereafter ensured that
this error resulted in a rapid increase in beneﬁts for the affected cohorts. In 1977, Congress eliminated
double indexation for future cohorts of retirees by correcting the error in the beneﬁts formula. However,
cohorts born prior to 1917 retained doubly indexed (i.e. higher) beneﬁts under a grandfather provision.
As a result, a permanent and substantial difference in Social Security payments arose across birth
cohorts, which came to be known as the Social Security Beneﬁts Notch (see Figure 1). This difference in
beneﬁts was large, unanticipated,
3 and beyond the control of any individual retiree, and, as a result,
3The windfall was unanticipated because the beneﬁt difference became apparent only when the various cohorts began receiving
Social Security checks (Commission on the Social Security ‘Notch’ Issue, 1994).
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Notch has been used by others to estimate the effect of income on retirement behavior (Krueger and
Pischke, 1992), living arrangements (Engelhardt et al., 2005), mortality (Snyder and Evans, 2006), the
demand for prescription drugs (Moran and Simon, 2006), and homeownership (Engelhardt, 2008).
From a research perspective, a fortuitous feature of the Beneﬁts Notch is the permanent nature of the
income differentials created by double indexation, which persists throughout retirement for the cohorts
that we study. As a result, our estimates will reﬂect the cumulative impact of all previous additional
Social Security income received due to the Notch, as well as any impact due to expectation of future
income. Because our outcome of interest is the stock of past consumption (weight), the permanence of
the double-indexation windfall is useful because it allows us to estimate the change in steady-state
weight due to a longstanding change in income. An isolated single-year windfall might be unlikely to
have any contemporaneous impact on the stock of weight, but it is conceivable that a permanent stream
of additional income could affect weight. Because we use income data from the early to mid-1990s, and
our treatment group consists of households with a primary Social Security beneﬁciary born between
1915 and 1917, the typical household in our treatment group has been receiving elevated Social Security
beneﬁts for slightly more than a decade at the time we observe them.
4. DATA: NATIONAL HEALTH INTERVIEW SURVEY (NHIS)
The National Health Interview Survey (NHIS) is a nationally representative survey of the civilian non-
institutionalized population of the United States. The survey interviews approximately 43000
households consisting of approximately 106000 individuals every year. In every year after 1975, self-
reported weight and height are recorded. The dollar amount of Social Security beneﬁts was asked from
1990 to 1996. However, Social Security income data for 1993 have never been released for public use.
Our data set includes NHIS data from 1990–1992 to 1994–1996. We limit our sample to respondents
aged 55 or older in a household headed by a Social Security beneﬁciary born between 1901 and 1930.
We exclude a small number of households that report no Social Security income or very low amounts
(less than $100/month in 1996 dollars). Across the years 1990–1992 and 1994–1996, our NHIS sample
includes 46153 households that are home to roughly 69000 individuals.
Ideally, we would construct our weight variables (BMI and indicator variables for clinical weight
classiﬁcation) using measurements of weight and height. Instead, the NHIS contains self-reports of
Figure 1. The Social Security Beneﬁts Notch. Note: Reprinted from Kollman (2003)
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the direction of reporting bias is negatively correlated with actual weight: underweight people tend to
over-report their weight, and overweight people tend to under-report their weight. Such reporting error
can result in severe misclassiﬁcation of individuals into clinical weight categories (Nieto-Garcia et al.,
1990). We correct for reporting error in weight and height as in previous research (e.g. Cawley,
2004a,b).
Table I provides descriptive statistics.
5. METHODS
Using the exogenous variation in Social Security income attributable to the Beneﬁts Notch, we estimate
instrumental variables models to measure the effect of income on body weight. The ﬁrst- and second-
stage equations are shown below:
Iht ¼ g þ yNotchh þ fXiht þ uiht ð1Þ
Weightiht ¼ a þ b^ Iht þ dXiht þ eiht ð2Þ
The subscript i denotes individuals, h households, and t years. In the ﬁrst stage (Equation (1)), Iht is
Social Security income (measured in thousands of 2006 dollars) for household h in year t. Income is
measured at the household level.
Our instrument, labeled Notchh in Equation (1), is an indicator variable that equals one for
households whose primary Social Security beneﬁciary was born during the years of 1915–1917 (this is
the treatment group – those who beneﬁted most from double indexation of Social Security beneﬁts),
and zero for households whose primary Social Security beneﬁciary was born in any other year between
1901 and 1930 (the control group). There is some discretion in how one deﬁnes the group of birth
cohorts ‘treated’ by the Social Security Beneﬁts Notch. We deﬁne it as households with a primary Social
Security beneﬁciary born between 1915 and 1917, inclusive, because these are the households that
beneﬁted the most from double indexation, and, as a result, provide the greatest variation in Social
Security income relative to adjacent cohorts in our NHIS sample. We follow the previous studies that
have used the Notch as a natural experiment (Krueger and Pischke, 1992; Engelhardt et al., 2005;
Moran and Simon, 2006) in our choice of birth cohorts to include in the control group (1901–1914 and
1918–1930).
As the majority of married women in these birth cohorts qualiﬁed for beneﬁts based on their
husband’s earnings history (Iams and Ycas, 1988; Reno and Ycas, 1982; Snyder and Evans, 2006), we
follow Engelhardt et al. (2005) in designating the male member of two-person households as the primary
Social Security beneﬁciary; thus, for all households containing a male, we use the male’s year of birth to
assign the household to either the treatment or the control group. Households with no males can be
divided into two categories: never-married females and widowed/divorced females. In the case of never-
married females, we designate the female as the primary beneﬁciary and use her year of birth to
determine treatment-control status for the household. In the case of widowed or divorced females, we
designate the deceased or former husband as the primary beneﬁciary and subtract 3 years from the
female’s year of birth to impute a birth year for the deceased or former husband.
4 As a robustness
check, we also re-estimate our baseline models excluding divorced and widowed females.
In Equations (1) and (2), Xiht is a vector of control variables at the individual or household level,
speciﬁcally: race (white, black), Hispanic ethnicity, education (less than high school, high school
graduate, some college, college graduate, more than college), marital status (married household, single
4Engelhardt, Gruber and Perry (2005) note that 3 years is the median difference in spousal ages for widowed or divorced elderly.
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Males Females
Variable (N528503) (N542011)
Household Social Security income, in 2006 dollars 16023.98 13896.53
(6580.14) (6445.19)
Indicator for treatment
(i.e. primary Social Security beneﬁciary was born 1915–1917)
0.12 0.13
(0.32) (0.34)
Body mass index (BMI), corrected for reporting error 26.19 26.39
(4.04) (5.43)
Underweight 0.02 0.04
(0.13) (0.20)
Healthy weight 0.39 0.40
(0.49) (0.49)
Overweight 0.44 0.34
(0.50) (0.47)
Obese 0.15 0.22
(0.36) (0.42)
Years between 1989 and survey year 3.96 4.00
(2.15) (2.16)
Resident of region 1 0.22 0.22
(0.41) (0.42)
Resident of region 2 0.26 0.26
(0.44) (0.44)
Resident of region 3 0.34 0.35
(0.47) (0.48)
Resident of region 4 0.18 0.17
(0.39) (0.38)
Lives in a metropolitan area 0.61 0.61
(0.49) (0.49)
Age of the primary Social Security beneﬁciary 72.72 74.88
(6.34) (6.98)
Primary Social Security beneﬁciary is Hispanic 0.03 0.03
(0.18) (0.17)
Primary Social Security beneﬁciary is White 0.92 0.92
(0.27) (0.28)
Primary Social Security beneﬁciary is Black 0.07 0.08
(0.26) (0.27)
Primary Social Security beneﬁciary education is less than HS 0.39 0.39
(0.49) (0.49)
Primary Social Security beneﬁciary education is HS 0.32 0.34
(0.46) (0.48)
Primary Social Security beneﬁciary education is some college 0.13 0.13
(0.33) (0.34)
Primary Social Security beneﬁciary education is college 0.09 0.07
(0.28) (0.26)
Primary Social Security beneﬁciary education is more than college 0.08 0.06
(0.27) (0.24)
Household is headed by a single male 0.21 n/a
(0.41)
Household is headed by a never-married female n/a 0.03
(0.17)
Household is headed by female widow n/a 0.39
(0.49)
Household is headed by female divorcee n/a 0.05
(0.22)
Primary Social Security beneﬁciary’s birth year 1919.75 1917.64
(6.48) (7.09)
Notes: Weighted data on respondents to NHIS 1990–1992 and 1994–1996 born 1901–1930. ‘Primary Social Security beneﬁciary’
refers to the person in the household whose birth year determines whether the person in question is affected by the Notch. For
example, in the case of a woman living with her married male partner, it is his birth year that counts.
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year (as linear and quadratic), and a full set of indicator variables for age. For married, widowed, and
divorced women, we also control for the age of the primary Social Security recipient in the household in
linear and quadratic terms.
In the second stage (Equation (2)), Weightiht is initially measured by BMI. However, Philipson and
Posner (1999) and Lakdawalla and Philipson (2002) hypothesize that additional income will increase
the probability of being healthy weight and decrease the probability of being underweight, overweight,
or obese. We test these hypotheses by using indicator variables for clinical weight classiﬁcation
(underweight, healthy weight, overweight, or obese) as our outcome measure Weightiht. For these
binary dependent variables we estimate Equation (2) using two-stage least squares (2SLS) because IV
probit models failed to converge in most cases.
5 (The IV probit marginal effects that could be estimated
were similar to the 2SLS coefﬁcients, and in each case the associated conﬁdence interval (C.I.) was
tighter; thus, it seems likely that we would have been able to further narrow the range of excluded effect
sizes had IV probit estimation proved feasible.)
The variable ^ Iht is predicted Social Security income from the ﬁrst-stage regression (Equation (1)). Our
identifying assumption is that after controlling for age ﬁxed effects, the variation in Social Security
income induced by the Notch is uncorrelated with the unobserved determinants of body weight, as
reﬂected in the error term. Conditional on this assumption, the second-stage coefﬁcient on predicted
Social Security income, b, will measure the causal impact of income on body weight.
When estimating Equations (1) and (2), data are weighted using NHIS survey weights, and standard
errors are clustered by year of birth.
6. EMPIRICAL RESULTS
We ﬁrst describe the basic correlation between body weight and Social Security income in the NHIS
among those born 1901–1930. Table II summarizes, for increments of $5000 in Social Security income
(in 2006 dollars), the average BMI and percent obese for women and men. The prevalence of obesity
tends to fall with income for women, from 24.6% among those with $5000 or less in annual Social
Security income to 20.1% among those with $20000 to $25000 annual beneﬁts, a difference of 4.5%
points. In contrast, among men the prevalence of obesity rises and then remains roughly constant with
income; the difference between the prevalence of obesity in the highest and lowest income categories is
just 1.2% points. These patterns are consistent with those previously found for the population as a
whole (Sobal and Stunkard, 1989).
We next present the results of regression models that do not instrument for income. The ﬁrst
column of Table III, which presents results for females, indicates that an extra $1000 of Social Security
income is associated with 0.013 units lower BMI (Table III, column 1). For a woman who is 5ft, 2in
tall, this translates into less than one-tenth of a pound. Among men (Table III, column 3), an extra
$1000 of Social Security income is associated with 0.013 units higher BMI (which is the same magnitude,
but opposite sign, as women). For a man who is 5ft, 10in tall, this translates into less than one-tenth
of a pound.
However, the correlation between income and weight may be non-linear, so we present correlations
of clinical weight classiﬁcation with Social Security income. Table III, column 1, indicates that among
females an extra $1000 of Social Security income is associated with a 0.1% point lower probability of
underweight and a 0.1% point lower probability of obesity, both of which are statistically signiﬁcant at
5We also attempted to estimate quantile IV models to see if the impact of income on body weight varied at different points in the
weight distribution, but these models also failed to converge.
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incomes are 0.2% points more likely to be healthy weight.
Among males (Table III, column 3), an extra $1000 of Social Security income is associated with a
0.1% point lower probability of underweight but no statistically signiﬁcant difference in the probability
of being healthy weight, overweight, or obese.
These correlations are hard to interpret, because they potentially reﬂect many distinct effects: the
effect of income on weight, the impact of weight on lifetime earnings (and subsequently, Social Security
Table II. Average BMI and percent obese by category of Social Security income
Females Males
Household Social
Security Income Average BMI Percent obese Average BMI Percent obese
$0–$5000 26.74 24.6 25.98 14.4
$5000–$10000 26.75 25.2 26.04 15.7
$10000–$15000 26.39 22.8 26.25 15.8
$15000–$20000 26.22 20.5 26.23 15.4
$20000–$25000 26.16 20.1 26.33 15.6
Data: Respondents to NHIS 1990–1992 and 1994–1996 born 1901–1930. Sample weights are used. Income is in 2006$.
Table III. Income and weight among elderly males and females
Females (N542011) Males (N528503)
Dependent variable
OLS or LPM
coefﬁcient on Social
Security income
(in 1000s)
2SLS coefﬁcient
on Social Security
income (in 1000s)
and 95% C.I.
OLS or LPM
coefﬁcient on Social
Security income
(in 1000s)
2SLS coefﬁcient on
Social Security
income (in 1000s)
and 95% C.I.
Body mass index  0.013 0.010 0.013  0.007
(0.005) (0.122) (0.003) (0.045)
[ 0.229, 0.249] [ 0.095, 0.081]
Indicator for underweight  0.001 0.004  0.001  0.001
(0.0002) (0.005) (0.0001) (0.001)
[ 0.006, 0.014] [ 0.003, 0.001]
Indicator for healthy weight 0.002  0.011  0.001 0.004
(0.0005) (0.018) (0.001) (0.005)
[ 0.046, 0.024] [ 0.006, 0.014]
Indicator for overweight 0.0002 0.016 0.0007  0.006
(0.0004) (0.013) (0.006) (0.005)
[ 0.01, 0.042] [ 0.016, 0.004]
Indicator for obese  0.001  0.010 0.0004 0.002
(0.0004) (0.011) (0.0004) (0.003)
[ 0.032, 0.012] [ 0.004, 0.008]
First-stage Notch — 1.128 0.703
coefﬁcient (in 1000s) (0.210) (0.143)
Partial F-statistic — 24.21 — 28.76
Partial R-squared — 0.12 — 0.23
Notes: Data come from the National Health Interview Survey, 1990–1992 and 1994–1996. Estimation samples consist of males
born 1901–1930 and females in households headed by a Social Security beneﬁciary born 1901–1930. With the exception of the ﬁnal
three rows, each cell in the table corresponds to a separate regression. Standard errors are in parentheses; 95% C.I.s are in
brackets.  indicates statistical signiﬁcance at the 10% level;  indicates signiﬁcance at the 5% level; and  indicates signiﬁcance
at the 1% level. Other covariates include year (as linear and quadratic) and indicator variables for age of respondent, race,
Hispanic, education category, marital status, urban residence, and region of residence. In cases where the respondent is not the
primary Social Security beneﬁciary, we also control for the age of the primary Social Security beneﬁciary in the household (as
linear and quadratic).
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Social Security beneﬁts).
Before presenting IV results, we ﬁrst check whether the Social Security Notch generated signiﬁcant
differences in Social Security income across birth cohorts in the NHIS. Using data from the NHIS from
1990–1992 to 1994–1996, we graph household Social Security income by birth year for all birth cohorts
between 1901 and 1930 after conditioning on other explanatory variables. Figure 2 illustrates that
NHIS respondents born 1915–1917 (highlighted on the graph as the birth cohorts between the vertical
dashed lines) enjoy higher annual Social Security beneﬁts than those born in other years between 1901
and 1930. Compared with the control group, the treatment group receives Social Security beneﬁts that
are, on average, 7% higher for men and 5% higher for women. In terms of annual Social Security
income, treatment group men receive $1122 more and treatment group women receive $695 more each
year, and these higher beneﬁts are received every year for the rest of the recipient’s life.
Annual income increases of this magnitude have the potential to affect body weight because even
small changes in daily caloric intake can result in large changes in body weight over time. For example,
Hill et al. (2003) estimate that the recent increase in weight in the US was caused by a daily calorie
surplus of just 15 calories for the median person.
6 Apovian (2004) ﬁnds that consuming an additional
12-ounce can of non-diet soda per day will add 15 pounds to a person’s weight in 1 year. For this
reason, even if the extra $1130 annual Social Security income affected daily caloric intake only slightly,
it has the potential to cause large changes in body weight.
Test statistics indicate that the Notch is a suitably powerful instrument for income. The partial
F-statistics from our ﬁrst-stage regressions are 24.21 for women and 28.76 for men, more than twice the
minimum standard of 10 (Stock et al., 2002). The identifying assumption behind our IV estimation
strategy is that being born between 1915 and 1917 affected Social Security income, but did not directly
affect body weight, conditional on the observables in our second-stage regression. We have already
conﬁrmed the ﬁrst part of that assumption. The second part of the identifying assumption, that the
instrument (Notch status) is uncorrelated with the second-stage error term is, strictly speaking,
untestable. However, we can look for suggestive evidence on this by examining whether the weight of
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Figure 2. Annual Social Security income by birth year. Notes: Data: NHIS 1990–1992 and 1994–1996. Income is
conditioned on all basic regressors (i.e. except birth year and age ﬁxed effects) in our model to produce a smoothed
series. In this paper, cohorts born 1915–1917 (i.e. those between the vertical dashed lines), who received peak
beneﬁts, serve as the treatment group and those born 1901–1914 and 1918–1930, who received lesser beneﬁts, serve
as the control group. Income is in 2006 dollars
6How a given change in daily caloric intake translates into a change in weight likely varies with age. We have been unable to ﬁnd
estimates speciﬁc to the elderly and hence we use the Hill et al. estimates as the best available.
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DOI: 10.1002/hecthe treatment group varied from that of the control group prior to receipt of any Social Security income.
If we ﬁnd that the treatment group looked different from our control group with respect to our outcome
of interest (BMI), that would cast doubt on our identifying assumption (Heckman and Hotz, 1989).
Figure 3 plots average BMI, conditional on our second-stage regressors, by birth year for women
(men) in the National Health Interview Survey of 1976. Only those who have not yet retired are
included in the sample, allowing us to compare the treatment and control groups before the treatment
occurs. For both women and men, the average BMI of the treatment group cohorts (shown between
the vertical dashed lines) closely resembles that of the adjacent birth-year cohorts in the control group.
For women (the lower line), average BMI is quite ﬂat, whereas for men (the upper line) there are
small variations over birth-year cohorts, but in neither graph is the average BMI of the treatment
group noticeably different from that of the control group. Estimates from reduced form regressions
conﬁrm that there are no statistically signiﬁcant differences in pre-retirement BMI for the Notch
cohort. Although this evidence is suggestive rather than deﬁnitive, it is consistent with our identifying
assumption that birth year had no effect on BMI other than through Social Security income,
conditional on our observables.
Figure 4 shows reduced form graphs of the IV results for the 1990s data: it depicts average BMI by
birth year, conditional on our second-stage regressors. The data depicted in Figure 4 provide little
evidence of an effect of income on BMI; for both females and males, the average BMI of the treatment
group is very similar to that of adjacent birth cohorts in the control group.
The results of our IV regressions are summarized in Table III, columns 2 (females) and 4 (males).
For both males and females, the IV coefﬁcient on Social Security income is statistically indistinguishable
from zero for each dependent variable (BMI, underweight, overweight, healthy weight, and obesity)
in all of our regressions. As is often the case, the IV standard errors are larger in absolute magnitude
than those from models in which the endogenous variable has not been instrumented.
The most useful way to interpret our results may be to consider the effect sizes they allow us to rule
out. Columns 2 and 4 of Table III present 95% C.I.s for our IV estimates (deﬁned as within 1.96
standard errors of the IV point estimate). In each case, the 95% C.I. includes both zero and OLS
estimate. Moreover, these C.I.s generally exclude even moderate-sized effects of income on weight,
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Figure 3. Pre-retirement BMI by birth year, females (lower line), and males (upper line). Notes: Data: NHIS 1976.
Non-retired individuals under the age of 65 are used in this calculation. BMI is conditioned on all basic regressors
(i.e. except birth year and age ﬁxed effects) in our model to produce a smoothed series. In this paper, cohorts born
1915–1917 (i.e. those between the vertical dashed lines), who received peak beneﬁts, serve as the treatment group
and those born 1901–1914 and 1918–1930, who received lesser beneﬁts, serve as the control group. Females are the
lower line and males are the upper line
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they correspond to a permanent $1000 increase in annual Social Security income (in 2006 dollars), which
is, on average, an increase of 7.2% for the females, and 6.2% for the males, in our sample.
Among men (Table III, column 4), our estimated C.I.s allow us to reject the hypothesis that a
permanent increase of $1000 in annual Social Security income lowers BMI by more than 0.095 units, or
raises BMI by more than 0.081 units. This implies that, for a man who is 5ft 10in tall, the extra income
will not lower or raise weight by even two-thirds of 1 pound. The C.I. on the IV coefﬁcient implies that
the income elasticity of BMI cannot be less than  0.058 or greater than 0.05 for men.
Similarly, our C.I.s suggest that an extra $1000 in annual Social Security income does not decrease
the risk of underweight by more than one-third of a percentage point or raise the risk of underweight by
more than one-tenth of a percentage point among men. We can also rule out reductions in the
probability of overweight of more than 1.6% points, or increases in the probability of overweight of
more than 0.4% points. Similarly, the results rule out a reduction in the probability of obesity of more
than 0.4% points or an increase in the probability of obesity of more than 0.8% points. Finally, we can
reject the hypothesis that an extra $1000 in Social Security income raises the probability that a man is
healthy weight by more than 1.4% points or lowers it by more than 0.6% points.
The ranges of possible effect sizes are greater for women than men, but are still fairly modest in the
case of BMI and underweight. Among women (Table III, column 2), an extra $1000 in annual Social
Security income will not lower BMI by more than 0.229 units or raise BMI by more than 0.249 units; for
a woman who is 5ft 2in tall, the extra income will not lower weight by more than 1.25 pounds or raise it
by more than 1.36 pounds. The C.I. on the IV coefﬁcient implies that the income elasticity of BMI
cannot be less than  0.120 or greater than 0.131 for women.
For women, an extra $1000 in Social Security income is unlikely to lower the risk of underweight by
more than 0.6% points or raise the risk of underweight by more than 1.4% points. For women’s risk of
overweight and obesity, substantial effects remain within the C.I. Our estimates imply that an extra
$1000 per year does not lower the risk of overweight by more than 1% point or raise it by more than
4.2% points, nor would it decrease the risk of obesity by more than 3.2% points or raise the risk of
obesity by more than 1.2% points. Finally, our estimates indicate that an extra $1000 in annual Social
Security income would not raise the probability that a woman is healthy weight by more than 2.4%
points or lower it by more than 4.6% points.
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Figure 4. Post-retirement BMI by birth year. Notes: Data: NHIS 1990–1992 and 1994–1996. BMI is conditioned on
all basic regressors (i.e. except birth year and age ﬁxed effects) in our model to produce a smoothed series. In this
paper, cohorts born 1915–1917 (i.e. those between the vertical dashed lines), who received peak beneﬁts, serve as the
treatment group and those born 1901–1914 and 1918–1930, who received lesser beneﬁts, serve as the control group.
Females are the upper line and males are the lower line
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we re-estimated our baseline models excluding these women from the sample and found that results for
the remaining women generally allowed us to rule out even smaller effects.
7 For example, in the case of
BMI, we were able to exclude effect sizes of greater than 10.103 and less than  0.154 BMI units for
each $1000 increase in income, compared with corresponding effect sizes for the full sample of 10.249
and  0.229, respectively. Similarly, we ﬁnd that in this subsample an additional $1000 of income will
not increase the probability of being underweight by more than 1.1% points (vs 1.4% points in the full
sample), will not increase the probability of being overweight by more than 2.3% points (vs 4.2% points
in the full sample), and will not lower the probability of being obese by more than 1.9% points (vs 3.2%
points in the full sample).
7. LIMITATIONS
Our analysis has several limitations. First, because our outcome of interest is weight, which is the stock
of past consumption, lagged income as well as contemporaneous income is relevant. Unfortunately, the
NHIS does not include lifetime income streams.
8 However, because members of the treatment group
have received elevated Social Security payments for as long as they have received Social Security
beneﬁts, our estimates of the effect of income on weight reﬂect not just the contemporaneous effect of a
1-year increase in income, but also the impact of all prior windfall payments due to the Notch and any
impact of knowing that one’s future Social Security income will forever include such windfall payments.
Thus, our estimates to a certain extent reﬂect lagged and future income and therefore are overestimates
of the impact of contemporaneous income on weight, which makes our inability to reject the null
hypothesis of no effect even more interesting and informative.
Second, because our estimates are based on differences in Social Security payments received after
retirement, they may not generalize to other sources of income. For example, if work is sedentary,
changes in earned income may imply a bigger increase in weight than changes in unearned income if the
rise in earned income is accompanied by a reduction in overall physical activity (Lakdawalla and
Philipson, 2002; Lakdawalla et al., 2005a).
Because of the failure of our probit IV models to converge, we estimate linear regressions for
dichotomous outcomes. As a result, our estimates may be inefﬁcient.
An additional limitation of this study is that BMI does not distinguish fat from lean mass (Prentice
and Jebb, 2001; US DHHS, 2001). Regrettably, publicly available data sets with the relevant Social
Security data lack more accurate measures of fatness (Smalley et al., 1990; Garn et al., 1986; Burkhauser
and Cawley, 2008), and hence we were limited to using BMI for this study.
Another limitation is that the NHIS data lack measures of diet and physical activity, which precludes
us from investigating the speciﬁc channels through which income may affect weight.
The generalizability of our results may also be restricted to variations in income similar in magnitude
to those generated by the Beneﬁts Notch. For the average household in our sample, this corresponds to
a difference in beneﬁts of about 5–7%, which is similar in magnitude to the 5% cut proposed by the
‘Boskin Commission’ in the mid-1990s (see Snyder and Evans, 2006) and the 10% reduction that would
arise by the year 2015 if a recent proposal to switch from wage indexing to price indexing were enacted
(see Biggs et al., 2005). Moreover, given that the income differences induced by the Beneﬁts Notch have
been shown to exert a signiﬁcant inﬂuence on other important outcomes, e.g. elderly living
arrangements (Engelhardt et al., 2005) and prescription drug use (Moran and Simon, 2006), our
ability to rule out even moderately sized effects on body weight are informative.
7For this sample of women (N523295), the F-statistic on the excluded instruments is equal to 26.14.
8Even if this information were available, we would not have any way of isolating exogenous differences in lifetime earnings.
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obesity is a risk factor for mortality in middle age (Stevens et al., 1998), those who survive to receive
Social Security are those who in their younger years were disproportionately either healthy weight or
unusually healthy despite being overweight or obese. Thus, relative to the population as a whole, our
sample of surviving elderly is a select sample, and therefore one should be cautious about generalizing
these results to younger ages. Another reason for caution in generalizing to younger populations is that
habit formation may play a role in food expenditures and consumption (Heien and Durham, 1991; Naik
and Moore, 1996). Elderly people, who have had more time to develop habits, may be especially
consistent in their food expenditures (and consumption), implying that the relationship between income
and weight may be weaker for the elderly than for the population as a whole.
Still, answering this question for the elderly is an important end in itself because weight status is
correlated with morbidity, functioning, and mortality among the elderly, and because the elderly are
among the most vulnerable in society, with a third of those aged 65 and over receiving all or almost all
of their retirement income from Social Security (Social Security Administration, 2006a,b).
9 At a
minimum, we provide results for that population of interest.
8. DISCUSSION
Our IV estimates yield little evidence that income affects weight or the probability of being underweight,
healthy weight, overweight, or obese among elderly Americans. The strongest conclusions one can draw
from our analysis concern the effect sizes that our IV estimates allow us to rule out. An increase in
Social Security income of $1000 a year represents an average increase in income of 7.2 and 6.2% for
women and men in our sample. Our IV results indicate that an increase in income of this size, received
every year for the rest of one’s life, will not increase or decrease weight by even a pound among men, or
by 1.5 pounds among women. The medical literature has detected improvements in health for weight
loss of 5–10% among the obese (Arbeeny, 2004; Fujioka, 2002), but there is no published evidence that
losing a pound or two will improve health. In other words, any plausible weight loss associated with a
6–7% change in Social Security income for the rest of one’s life is not expected to have any detectable
impact on health, at least through weight.
The empirical estimates in this paper have important implications for public policy. First, our estimates
suggest that changes in Social Security beneﬁts of the magnitude considered in several recent reform
proposals would not have a meaningful effect on weight. Our estimates also imply that altering the level of
Social Security beneﬁts is unlikely to be an effective policy lever to alter the external costs of obesity
imposed through public health insurance programs. Finally, our estimates provide no support for the
World Health Organization’s claim that rising income is partly to blame for the recent increase in obesity.
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